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INTRODUCTION

OBJECTIVE

To evaluate the diagnostic performance of eight current large language models (LLMs) in applying the
RECIST 1.1 guidelines for oncologic treatment response imaging and to compare their performance
with that of board-certified radiologists. This study explores the potential of LLMs as supportive ad-
juncts in cancer follow-up imaging.

METHODS

In this observational cross-sectional study, 50 text-based and 30 case-based multiple-choice questions
derived from RECIST 1.1 were administered to eight LLMs with three different prompts and two junior
radiologists with seven years of experience. Responses were independently scored as correct or incor-
rect, and non-parametric statistical analyses were performed to compare performance across groups.

RESULTS

LLMs demonstrated promising performance in text-based interpretation about RECIST, with only mi-
nor performance variations. Claude 3.5 Sonnet had the most successful performance, achieving 83.3%
accuracy on case-based and 90% on text-based questions. Other models exhibited robust performance,
with no significant differences in case-based assessments between LLMs and radiologists. LLMs achieved
similar results across the three different prompts with minor variations.

CONCLUSION

LLMs have great potential for response evaluation in oncological imaging and not only support radiologists
but may soon redefine clinical workflows, setting a new benchmark for diagnostic excellence in radiology.
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mative forces poised to significantly reshape radiology
practice. They have the potential to usher in a new era

Large language models (LLMs) represent a remarkable  of efficiency and excellence, both as supportive diag-
breakthrough in natural language processing, capable  nostic tools and in facilitating the reporting process.
of performing specific tasks in radiology without addi-  Consequently, there has been a rapid increase in stud-
tional training.[1-4] This positions LLMs as transfor-  ies investigating the radiological knowledge of LLMs
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and their potential applications and contributions to
radiology.[3-7] Although there are many studies eval-
uating the radiological knowledge of LLMs in different
fields, the lack of studies evaluating their knowledge in
oncology radiology is an important gap in this regard.

The radiology report is vital in guiding patient
management in oncology, requiring meticulous com-
parison with prior studies and assessment. Response
Evaluation Criteria in Solid Tumors (RECIST) guide-
line, revised in 2009 to RECIST 1.1, was developed to
address this need. RECIST guideline comprises criteria
such as defining measurable lesions (i.e., which mea-
surement defines a measurable lymph node), identify-
ing target lesions (i.e., which criteria the target lesion
must meet), and categorizing response types (regres-
sion, stable disease, or progression). It provides a
standardized approach to reporting solid tumor mea-
surements and defines objective criteria for assessing
changes in tumor size, ensuring a consistent and reli-
able approach to reporting.[8]

Previous studies have evaluated the proficiency
and knowledge of various LLMs in different specific
types of cancer.[2,9-12] Giines et al.[13] tested the
performance of current LLMs, in particular Claude
3.5 Sonnet, in interpreting BI-RADS categories via
text-based questions and found that these models
achieved remarkable accuracy (up to 90%), approach-
ing the level of expertise of breast radiologists. In
another study, Kaba et al.[14] demonstrated that ad-
vanced LLMs, especially ChatGPT-4, showed high ac-
curacy (93%) in text-based questions in interpreting
thyroid imaging guidelines based on the K-TIRADS
classification system and emphasized the competence
of LLMs in this field.

To the best of our knowledge, no study has com-
pared the performance of LLMs in relation to RECIST
1.1, a critical guideline in the radiological reporting of
follow-up imaging in cancer patients. We aimed to fill
this gap by evaluating the knowledge of various LLMs
in the RECIST 1.1 guideline and comparing them with
that of radiologists.

MATERIALS AND METHODS
Study Design

This experimental study utilized a cross-sectional de-
sign to assess the accuracy of eight different LLMs
compared with radiologists in answering text-based
and case-based MCQs pertaining to RECIST 1.1. Their
answers were benchmarked against responses from
two board-certified radiologists (European Diploma
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in Radiology-EDiR): Radiologist 1 (Y.C.G.)(R1) and
Radiologist 2 (T.C.)(R2), both with seven years of ex-
perience in general radiology. The text-based and case-
based MCQs were designed based on the RECIST 1.1
guideline by a board-certified radiologist (EDiR), Ra-
diologist 3 (E.C.)(R3), also with seven years of experi-
ence in radiology.

The MCQs did not include any authentic patient
data or images; therefore, ethical committee approval
was neither required nor applicable for this study.
Methodological transparency and reproducibility were
ensured by adhering to the Standards for Reporting
Diagnostic Accuracy Studies (STARD) guideline.[15]

An overview of the flowchart is presented in Figure 1.

Data Collection for Text-based and Case-based
Multiple-choice Questions

A total of 50 text-based MCQs and 30 case-based
MCQs were utilized in the study. These questions com-
prehensively covered the all sections of RECIST 1.1
and tested the application of the information therein.
Each question was carefully constructed to focus on a
single, specific, and critical concept relevant to radio-
logical practice under this guideline. Each MCQ had
5 choices and only one choice was correct. A complete
list of text-based and case-based MCQs and dataset of
the study are available in the Appendix.

Design of Input-output Procedures for LLMs

The three different input prompts provided to the
LLMs were: Prompt 1: “Act like a professor of radi-
ology who has 30 years of experience in oncological
imaging, especially with studies on RECIST 1.1. Give
just the letter of the most correct choice of multiple-
choice questions that I will ask you. Each question has
only one correct answer.” Prompt 2: “You are a senior
academic radiologist. I have some questions about
RECIST 1.1. T will ask you multiple-choice ques-
tions with a single correct answer. Provide only the
letter of the most accurate choice for each” Prompt
3: “T have a few questions about RECIST 1.1 criteria.
Some of them are text-based, and some of them are
case-based questions. I will present you with multi-
ple-choice questions, and each has only one correct
answer. Please reply with the letter corresponding to
the best choice only, without any explanation.” These
prompts were consistently employed across eight
distinct platforms with default hyperparameters by
R3 in February 2025: Claude 3 Opus and 3.5 Sonnet
(https://claude.ai.com), ChatGPT-0l, ChatGPT-4o0
(https://chat.openai.com), Gemini 1.5 Pro (https://
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Fig. 1. The workflow of the study.

gemini.google.com), Mistral Large 2 (https://mistral.
ai), Llama 3.1 405B (https://metaai.com), and Per-
plexity Pro (https://perplexity.ai). In order to assess
the consistency in the responses of the three differ-
ent prompts within each model, the responses of each
prompt and the model were evaluated carefully, and
the prompt with the most successful responses for all
models was recorded by R3.

The MCQs were administered sequentially within
a single conversation session per LLM to maintain
uniformity. None of the LLMs underwent additional
pre-training or fine-tuning by the study authors, and
no supplementary details that could potentially affect
the study results were provided (Fig. 2). R3 reviewed
the LLM responses and categorized them as correct (1)
or incorrect (0).

Radiologist Performance Evaluation

R1 and R2 independently answered the MCQs in a
blinded manner in January 2025 using their personal
computers. They completed text-based MCQs first, im-
mediately followed by case-based MCQs without any
interval. R3 separately evaluated their answers and cat-
egorized them as correct (1) or incorrect (0).

Statistical Analysis

The Kolmogorov-Smirnov test assessed data distribu-
tion. Descriptive statistics (minimum, maximum, medi-
an, interquartile range, percentages) were calculated. As
the data were non-normally distributed, non-paramet-
ric tests were used. Consistency and performance across
three prompts were evaluated with the Friedman and
McNemar tests; the latter compared correct response
rates between LLMs and radiologists. Chi-square tests
assessed differences by question type. Bonferroni cor-
rection was applied for pairwise comparisons (p <0.028
significant), while p <0.05 indicated significance for
consistency and prompt-related analyses.

RESULTS

Case-Based MCQs

Among the three different prompts (Prompt 1, 2, 3),
all models achieved their highest performance on case-
based MCQs with “Prompt 1”. However, the variation
in performance across the different prompts did not
reach statistical significance, and the responses gen-
erated by all models were consistent across the three
prompts (p>0.05) (Table 1).
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Fig. 2. The example of chat session with ChatGPT-o1.

With “Prompt 17, Claude 3.5 Sonnet demonstrated
the highest accuracy at 83.3%, followed by R2 and Gem-
ini 1.5 Pro, both of which achieved 80.0% (p>0.028). R1
closely followed with 76.7%, while ChatGPT-4o0, Lla-
ma 3.1 405B, and Mistral Large 2 each recorded 73.3%
(p>0.028). Claude 3 Opus and ChatGPT-ol shared an
accuracy of 66.7%. Perplexity Pro exhibited the lowest
accuracy among LLMs and radiologists, with 60.0%
(p>0.028) (Fig. 3).

There was no significant difference in accuracy on
case-based MCQs among LLMs and between LLMs
and radiologists (p>0.028) (Table 2).

Text-Based MCQs

Similar to case-based MCQ, all models reached the
highest performance with ‘Prompt 1’ among the three
different prompts. The answers given by all models
to the questions with these prompts were consistent,
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Table 1 The consistency of LLMs responses with different prompts (Prompt 1, Prompt 2 and Prompt 3)

Claude 3 Claude Chat Chat Mistral Gemini Llama Perplexity
Opus 3.5 Sonnet GPT-40 GPT-o01 Large 2 1.5Pro 3.1405B Pro
Case-based MCQs 0.368 1 0.607 0.368 0.607 0.368 0.135 1
Text-based MCQs 0.174 0.247 0.368 0.717 0.368 0.513 0.717 0.223

Test values were obtained from Freidman test, MCQs: Multiple Choice Questions

Table 2 Comparison of the performance of LLMs and radiologist on case-based multiple-choice questions

Claude Claude Chat Chat Mistral Gemini Llama Perplexity Radiologist Radiologist
30pus 3.5 GPT-40 GPT-o1 Large2 1.5Pro 3.1405B Pro 1 2
Sonnet

Claude 3 Opus - 0.063 0.687 1 0.774 0.219 0.774 0.754 0.581 0.344
Claude 3.5 Sonnet  0.063 = 0.453 0.227 0.508 1 0.549 0.092 0.727 1
Chat GPT-40 0.687 0.453 = 0.687 1 0.625 1 0.289 1 0.774
ChatGPT-o01 1 0.227 0.687 = 0.687 0.289 0.625 0.687 0.549 0.454
Mistral Large 2 0.774 0.508 1 0.687 = 0.754 1 0.344 1 0.791
Gemini 1.5 Pro 0.219 1 0.625 0.289 0.754 = 0.727 0.109 1 1
Llama 3.1 405B 0.774 0.549 1 0.625 1 0.727 = 0.344 1 0.791
Perplexity Pro 0.754  0.092 0289 0687 0344 0.109 0.344 - 0.267 0.210
Radiologist 1 0.581 0.727 1 0.549 1 1 1 0.267 o 1
Radiologist 2 0.344 1 0.774 0.454 0.791 1 0.791 0.210 1 =

Test values were obtained from McNemar test, p-value <0.028 is considered statistically significant after Bonferroni correction

and there were no significant performance differences
among models with them (p>0.05) (Table 1).

With “Prompt 17 Claude 3.5 Sonnet achieved
the highest accuracy at 90.0%, followed by Claude 3
Opus and ChatGPT-o1, both scored 84.0% (p>0.028).
ChatGPT-40 recorded an accuracy of 82.0%. Gemini
1.5 Pro attained 74.0%, the accuracy of Mistral Large
2 and Llama 3.1 405B at 72.0%. R2 (T.C.) had a slight-

ly lower accuracy of 70.0% (p>0.028). Perplexity Pro
demonstrated the lowest performance among all mod-
els, with an accuracy of 68.0% (Fig. 3).

Claude 3.5 Sonnet outperformed Mistral Large 2,
Llama 3.1 405B, and Perplexity Pro, achieving the high-
est scores on text-based questions (p=0.012, p=0.022,
p=0.007). It also demonstrated superior performance
according to R1 and R2 (p=0.021, p=0.021).

Fig. 3. The accuracy of LLMs and radiologists on multiple choice questions.
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Table 3 Comparison of the performance of LLMs and radiologist on text-based multiple-choice questions

Claude Claude

Chat

Chat

Mistral

Gemini

Llama
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Perplexity Radiologist Radiologist

30pus 3.5 GPT-40 GPT-o1 Large2 1.5Pro 3.1405B Pro 1 2
Sonnet

Claude 3 Opus = 0.375 1 1 0.180 0.332 0.146 0.057 0.143 0.210
Claude 3.5 Sonnet  0.375 - 0.219 0453 0.012 0.077 0.022 0.007 0.021 0.021
Chat GPT-40 1 0.219 - 1 0.125 0.388 0.267 0.118 0.238 0.359
Chat GPT-o1 1 0.453 1 - 0.109 0.332 0.210 0.115 0.167 0.238
Mistral Large 2 0.180 0.012 0.125 0.109 1 1 0.791 1 1
Gemini 1.5 Pro 0332 0.077 0.388 0.332 - 1 0.607 0.804 1
Llama 3.1 405B 0.146  0.022 0.267 0.210 1 - 0.804 1 1
Perplexity Pro 0.057 0.007 0.118 0.115 0.791 0.607 0.804 = 1 0.824
Radiologist 1 0.143  0.021 0.238 0.167 0.804 1 1 - 1
Radiologist 2 0.210  0.021 0.359 0.238 1 1 0.824 1 -

Test values were obtained from McNemar test, p-value <0.028 is considered statistically significant after Bonferroni correction

When other LLMs were compared among them-
selves and with radiologists, there was no significant
difference in performance between them (p>0.028)
(Table 3).

DISCUSSION

The most striking result of our study is that LLMs in-
cluded in the study demonstrated promising perfor-
mance in text-based interpretation of RECIST. Our
study uniquely examines the performance of several
LLMs regarding the RECIST guideline, comparing
their performance with that of radiologists. This ap-
proach not only identifies which LLM demonstrates a
more comprehensive grasp of RECIST 1.1 but also of-
fers insights into how radiologists’ performance stacks
up against that of LLMs.

Coskun et al.[16] evaluated ChatGPT using 59
prostate cancer questions from the European Urology
Patient Information Society and reported suboptimal
accuracy (mean: 3.62+0.49) requiring improvement.
Similarly, Lombardo et al.[17] tested ChatGPT (August
2023) with 195 questions from the EAU 2023 prostate
cancer guidelines; expert review showed only 26% com-
pletely correct answers, with accuracy varying by sec-
tion (best in follow-up/quality of life, poorest in diag-
nosis/treatment. Similar to our results, in a recent study
assessing LLMs in breast cancer care, three models—
GPT-3.5, GPT-4, and Gemini (formerly Bard)—were
evaluated using 60 MCQs covering treatment, diagnos-
tic techniques, imaging interpretation, and pathology
in breast cancer. GPT-4 achieved a 95% accuracy rate,
outperforming GPT-3.5 (90%) and Gemini (80%), with

statistically significant differences observed among the
models (p=0.010). Furthermore, the models performed
consistently across questions sourced from public data-
bases and those formulated by radiologists.[18] Also,
Cao at al.[19] evaluated LLMs in hepatocellular carci-
noma diagnosis and management questions and found
that ChatGPT-3.5, Gemini, and Bing answered only
45%, 60%, and 30% of basic clinical questions accurate-
ly, respectively, with even fewer responses deemed both
accurate and reliable. Although there are still different
results in the literature about the competence of LLMs
in radiology, our results indicate that LLMs have quite
a theoretical knowledge about RECIST 1.1.

Another important result of our study is that LLMs
responded as well as radiologists on text-based and
case-based MCQs that require analysis of the findings
and data obtained. This result suggests that LLMs are
successful in analyzing and reasoning texts such as
radiology reports and providing the status of the dis-
ease (progression, stable, or regression) according to
the RECIST guideline, which is the most critical for
clinicians. To our best knowledge, there are no stud-
ies evaluating the performance of LLMs on case-based
questions about cancer. Previous studies have evalu-
ated LLMs’ knowledge of cancer and cancer-related
guidelines, which were only text-based. Citir reported
that ChatGPT-3.5 gave largely correct answers to ques-
tions about oral cancer, 51.25% gave “very good” and
46.25% gave “good” answers, and the overall reliability
was 97.5%.[20] Similarly, Yurtcu et al.[21] demonstrat-
ed that ChatGPT has strong accuracy in answering fre-
quently asked questions about cervical cancer. Beyond
these studies, our study uniquely demonstrates that
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LLMs perform quite adequately on case-based MCQs
in line with the correct analysis. With this finding, we
believe that our study may be a leading point for fur-
ther multicenter studies that evaluate the performance
of LLMs in real-patient scenarios.

In our study, all LLMs with three different prompts
showed great consistency with minor differences in
responses. Due to the nature of LLMs, it is a surpris-
ing result that these models, which largely determine
their answers according to the given prompt, perform
similarly with different prompts to the questions about
RECIST 1.1.[21,22] In contrast to our results, Russe et
al.[22] demonstrated the prompt effect, transforming
a generic request into a precision prompt increased
ChatGPT-4’s factual correctness and decreased hallu-
cinations, while a zero-shot chain-of-thought format
further improved explain ability and user trust. Nguyen
et al.[23] tested ChatGPT mixed text-and-image mul-
tiple-choice questions from the 2022 ACR in-training
examination; an “encouraging” prompt boosted overall
accuracy to 61%, whereas a “threatening” prompt re-
duced accuracy to 48% and tripled the non-response
rate. These studies suggest that when a task is open-
ended or cognitively complex, the model’s probabilistic
reasoning is highly sensitive to contextual cues embed-
ded in the prompt. RECIST 1.1 evaluation, however, is
a narrowly defined, rule-based exercise, so the knowl-
edge retrieved is limited, and the model’s decision
space is tightly constrained; once the required rules are
invoked, rewording the prompt affords little additional
leverage. Therefore, the prompting effect could dimin-
ish as the task approaches deterministic guideline ap-
plication rather than broad clinical reasoning.

The impressive performance of Claude 3.5 Son-
net—achieving 83.3% accuracy on case-based MCQs
and 90% on text-based MCQs—indicates great poten-
tial of its model in this field. The observed minor varia-
tions in accuracy among LLMs can be largely attrib-
uted to differences in their underlying architectures.
Models with real-time web access capability, such as
Gemini 1.5 Pro and Perplexity Pro, frequently derive
their responses from non-scientific sources, which may
account for the comparatively lower performance of
web-enabled LLMs relative to those without internet
access. In contrast, some of the ChatGPT and Claude
models are trained on closed datasets, potentially con-
tributing to their enhanced reliability.

Limitations of the Study
Our study has a few limitations. First, the number of
questions was limited, and the assessment relied solely

Turk J Oncol 2026;41(1):52-59
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on MCQs. The performance of LLMs on open-ended
questions was not evaluated in the study, which may
have led to exaggerated LLM performances.

Second, we compared the accuracy of LLMs against
two general radiologists with seven years of experience.
It is likely that more experienced senior radiologists,
particularly those with more specialized knowledge
about oncological imaging, would achieve higher per-
formance. Senior radiologists who are specialized and/
or subspecialized in this field may perform even bet-
ter than LLMs, but since follow-up images of cancer
patients are often evaluated by general radiologists in
daily practice for many different reasons, the radiolo-
gists included in this study are general radiologists to
better reflect real-life practice.

Lastly, this study assessed the performance of
LLMs about RECIST 1.1 textually, while visual evalu-
ation remains an integral component of radiologi-
cal assessment. As such, the results of our study may
not fully reflect the real-world applicability of LLMs
in this field. It is important to emphasize that while
LLMs performed well on structured MCQs, this
could not directly reflect their ability in actual imag-
ing interpretation for RECIST.

CONCLUSION

Radiologists can benefit from understanding how LLMs
interpret RECIST 1.1, as these models may soon assist
in standardized follow-up reporting. Incorporating
LLM-based educational modules and decision-support
tools can enhance consistency and reduce interpretive
variability. Ongoing evaluation of model accuracy and
bias is essential before clinical deployment.
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MULTIPLE CHOICE QUESTIONS
1. Which of the following is NOT a RECIST criterion for evaluating tumor response?
a) Complete Response (CR)
b) Partial Response (PR)
c) Stable Disease (SD)
d) Progressive Disease (PD)

e) Minor Response (MR)

2. What is the minimum reduction in the sum of the longest diameters of target lesions
required for a diagnosis of Partial Response (PR) according to RECIST 1.1?
a) 10%
b) 20%
c) 30%
d) 40%
e) 50%

3. Which of the following statements is FALSE regarding the assessment of non-target
lesions in RECIST 1.17?

a) Non-target lesions must be recorded at baseline and followed throughout the
study.

b) New non-target lesions appearing during treatment are considered evidence of
Progressive Disease (PD).

c) Non-target lesions that decrease in size by 30% or more are considered a Partial
Response (PR).

d) Non-target lesions that increase in size by 20% or more are considered
Progressive Disease (PD).

e) Non-target lesions that remain stable are not considered in the overall response

assessment.

4. What is the maximum number of target lesions that can be used for RECIST assessment
in a given patient?
a) 2
b) 5
c) 10
d) 15



e) 20

5. Which of the following imaging modalities is NOT commonly used for RECIST
assessment?
a) Computed Tomography (CT)
b) Magnetic Resonance Imaging (MRI)
c) Positron Emission Tomography (PET)
d) Ultrasound

e) X-ray

6. What is the term used to describe the situation when a patient has both a reduction in
the size of target lesions and the appearance of new non-target lesions?
a) Mixed Response
b) Discordant Response
¢) Indeterminate Response
d) Pseudo-Progression

e) Hyper-Progression

7. According to RECIST 1.1, what is the minimum follow-up interval required between
consecutive tumor assessments?
a) 1week
b) 2 weeks
c) 4 weeks
d) 6 weeks

e) 8 weeks

8. Which of the following is NOT a RECIST criterion for evaluating lymph node response?
a) Complete Response (CR)
b) Partial Response (PR)
c) Stable Disease (SD)
d) Progressive Disease (PD)

e) Minor Response (MR)

9. What is the minimum reduction in the short axis diameter of lymph nodes required for

a diagnosis of Partial Response (PR) according to RECIST 1.1?



a) 10%
b) 20%
c) 30%
d) 40%
e) 50%

10. Which of the following statements is FALSE regarding the assessment of bone lesions in
RECIST 1.1?

a) Bone lesions must be recorded at baseline and followed throughout the study.

b) New bone lesions appearing during treatment are considered evidence of
Progressive Disease (PD).

c) Bone lesions that decrease in size by 30% or more are considered a Partial
Response (PR).

d) Bone lesions that increase in size by 20% or more are considered Progressive
Disease (PD).

e) Bone lesions that remain stable are not considered in the overall response

assessment.

11. What is the maximum number of target bone lesions that can be used for RECIST
assessment in a given patient?
a) 2
b) 5
c) 10
d) 15
e) 20

12. Which of the following is NOT a RECIST criterion for evaluating soft tissue lesions?
a) Complete Response (CR)
b) Partial Response (PR)
c) Stable Disease (SD)
d) Progressive Disease (PD)

e) Minor Response (MR)

13. What is the minimum reduction in the sum of the longest diameters of soft tissue

lesions required for a diagnosis of Partial Response (PR) according to RECIST 1.1?



a) 10%
b) 20%
c) 30%
d) 40%
e) 50%

14. Which of the following statements is FALSE regarding the assessment of non-target soft
tissue lesions in RECIST 1.17?

a) Non-target soft tissue lesions must be recorded at baseline and followed
throughout the study.

b) New non-target soft tissue lesions appearing during treatment are considered
evidence of Progressive Disease (PD).

c) Non-target soft tissue lesions that decrease in size by 30% or more are
considered a Partial Response (PR).

d) Non-target soft tissue lesions that increase in size by 20% or more are
considered Progressive Disease (PD).

e) Non-target soft tissue lesions that remain stable are not considered in the

overall response assessment.

15. What is the maximum number of target soft tissue lesions that can be used for RECIST
assessment in a given patient?
a) 2
b) 5
c) 10
d) 15
e) 20

16. Which of the following imaging modalities is NOT commonly used for RECIST
assessment of soft tissue lesions?
a) Computed Tomography (CT)
b) Magnetic Resonance Imaging (MRI)
c) Positron Emission Tomography (PET)
d) Ultrasound

e) X-ray



17. What is the term used to describe the situation when a patient has both a reduction in
the size of target lesions and the appearance of new non-target soft tissue lesions?
a) Mixed Response
b) Discordant Response
¢) Indeterminate Response
d) Pseudo-Progression

e) Hyper-Progression

18. According to RECIST 1.1, what is the minimum follow-up interval required between
consecutive tumor assessments for soft tissue lesions?
a) 1week
b) 2 weeks
c) 4 weeks
d) 6 weeks

e) 8 weeks

19. Which of the following is NOT a RECIST criterion for evaluating ascites or pleural
effusion?
a) Complete Response (CR)
b) Partial Response (PR)
c) Stable Disease (SD)
d) Progressive Disease (PD)

e) Minor Response (MR)

20. What is the definition of Complete Response (CR) for ascites or pleural effusion
according to RECIST 1.1?
a) Complete disappearance of all ascites or pleural effusion
b) Reduction in the volume of ascites or pleural effusion by 50% or more
c) Stabilization of the volume of ascites or pleural effusion
d) Increase in the volume of ascites or pleural effusion by less than 20%

e) Appearance of new ascites or pleural effusion

21. Which of the following statements is FALSE regarding the assessment of ascites or

pleural effusion in RECIST 1.17?



a) Ascites or pleural effusion must be recorded at baseline and followed
throughout the study.

b) New ascites or pleural effusion appearing during treatment are considered
evidence of Progressive Disease (PD).

c) Ascites or pleural effusion that decreases in volume by 30% or more are
considered a Partial Response (PR).

d) Ascites or pleural effusion that increases in volume by 20% or more are
considered Progressive Disease (PD).

e) Ascites or pleural effusion that remain stable are not considered in the overall

response assessment.

22. What is the maximum number of target ascites or pleural effusion sites that can be used
for RECIST assessment in a given patient?
a) 2
b) 5
c) 10
d) 15
e) 20

23. Which of the following imaging modalities is NOT commonly used for RECIST
assessment of ascites or pleural effusion?
a) Computed Tomography (CT)
b) Magnetic Resonance Imaging (MRI)
c) Positron Emission Tomography (PET)
d) Ultrasound

e) X-ray

24. What is the term used to describe the situation when a patient has both a reduction in
the volume of ascites or pleural effusion and the appearance of new target lesions?
a) Mixed Response
b) Discordant Response
¢) Indeterminate Response
d) Pseudo-Progression

e) Hyper-Progression



25. According to RECIST 1.1, what is the minimum follow-up interval required between
consecutive tumor assessments for ascites or pleural effusion?
a) 1week
b) 2 weeks
c) 4 weeks
d) 6 weeks

e) 8 weeks

26. According to RECIST 1.1, what is the maximum number of lesions that can be assessed for
response determination?

a)2

b) 5

c) 10

d) 15

e) 20

27. What is the minimum short axis measurement for a lymph node to be considered
measurable and assessable as a target lesion?

a) 5 mm

b) 10 mm

c) 15 mm

d) 20 mm

e) 25 mm

28. When a target lesion becomes too small to measure on a CT scan, what should be recorded
on the case report form?

a) 0 mm

b) 5 mm

c) 10 mm

d) 15 mm

e) 20 mm

29. What is the minimum size for a measurable lesion on a CT scan with a slice thickness of 5
mm or less?

a)5mm



b) 10 mm
c) 15 mm
d) 20 mm

e) 25 mm

30. In which of the following scenarios is confirmation of response required?
a) Trials with response as the primary endpoint
b) Randomized studies
c) Phase Il trials
d) Phase lll trials

e) All of the above

31. How are non-target lesions recorded on the case report form?
a) By measuring their size
b) By indicating their presence or absence
c) By describing their appearance
d) By noting their location

e) By all of the above

32. For a target lesion to meet the criteria for Complete Response (CR), what must happen to
any pathological lymph nodes?

a) They must disappear completely.

b) They must reduce in size by at least 30%.

¢) They must reduce in short axis to <10 mm.

d) They must increase in size by at least 20%.

e) None of the above

33. What is the minimum percentage increase in the sum of diameters of target lesions
required to qualify for Progressive Disease (PD)?

a) 10%

b) 15%

c) 20%

d) 25%

e) 30%



34. In addition to the relative increase for PD, what is the minimum absolute increase required
in the sum of diameters?

a)2 mm

b) 5 mm

¢) 10 mm

d) 15 mm

e) 20 mm

35. Which of the following is not considered a measurable lesion according to RECIST 1.1
criteria?

a) Skin nodule with a diameter of 12 mm

b) Lung lesion measuring 18 mm on chest X-ray

c) Blastic bone lesion

d) Lymph node with a short axis of 20 mm

e) All of the above are measurable lesions

36. Which of the following is not a criterion for assessing tumor response in RECIST 1.1?
a) Change in tumor size
b) Change in tumor markers
c) Presence of new lesions
d) Duration of response

e) All of the above are criteria for assessing tumor response

37. What is the minimum follow-up duration required after the end of treatment to assess for
complete response?

a) 1 month

b) 3 months

¢) 6 months

d) 12 months

e) 24 months

38. Which of the following is not considered unequivocal progression of non-measurable/non-

target disease?

a) Appearance of new lesions



b) Increase in the size of non-target lesions
c) Worsening of symptoms
d) Development of malignant ascites

e) All of the above are considered unequivocal progression

39. What is the term used to describe a situation where a patient's disease initially responds to
treatment but later progresses?

a) Partial response

b) Stable disease

c) Progressive disease

d) Relapse

e) Remission

40. Which of the following statements is true about RECIST 1.1 criteria?

a) RECIST 1.1 criteria are used to assess response to treatment in patients with solid
tumors.

b) RECIST 1.1 criteria are used to assess response to treatment in patients with
leukemia.

c) RECIST 1.1 criteria are used to assess response to treatment in patients with brain
tumors.

d) RECIST 1.1 criteria are used to assess response to treatment in patients with
lymphoma.

e) RECIST 1.1 criteria are used to assess response to treatment in patients with all types

of cancer.

41. How is the short axis of a lymph node determined?
a) By measuring the longest diameter of the node
b) By measuring the smallest diameter of the node
c) By measuring the diameter of the node in the axial plane
d) By measuring the diameter of the node in the sagittal plane

e) By measuring the diameter of the node in the coronal plane

42. What is the recommended course of action when unequivocal progression is observed in

non-measurable disease?



a) Continue treatment without any changes

b) Consider the patient to have had overall PD

c) Repeat imaging studies to confirm progression
d) Consult with a specialist for further evaluation

e) Discontinue treatment and enroll in a new trial

43. Which of the following is not an example of unequivocal progression in non-measurable
disease?

a) Increase in pleural effusion from 'trace' to 'large’

b) Increase in lymphangitic localized to widespread

c) Increase in tumor burden representing an additional 73% increase in 'volume'

d) Increase in skin nodules from 2 to 5

e) Increase in liver metastases from 3to 7

44. What is the term used to describe a situation where a patient's disease shows no significant
change in tumor size after treatment?

a) Complete response

b) Partial response

c) Stable disease

d) Progressive disease

e) Relapse

45. What is the term used to describe a situation where a patient's disease worsens or
develops new lesions after an initial response to treatment?

a) Partial response

b) Stable disease

c) Progressive disease

d) Relapse

e) Remission

46. Which of the following is not a criterion for assessing tumor response in RECIST 1.1?
a) Change in tumor size
b) Change in tumor markers
c) Presence of new lesions

d) Duration of response



e) Overall survival

47. What is the recommended method for measuring the size of lung lesions?
a) Chest X-ray
b) CT scan
c) MRI
d) Ultrasound

e) None of the above

48.Which of the following is not considered a measurable lesion according to RECIST 1.1
criteria?

a) Skin nodule with a diameter of 12 mm

b) Lung lesion measuring 18 mm on chest X-ray

c) Blastic bone lesion

d) Lymph node with a short axis of 20 mm

e) All of the above are considered measurable lesions

49. What is the minimum follow-up duration required after the end of treatment to assess for
complete response?

a) 1 month

b) 3 months

¢) 6 months

d) 12 months

e) 24 months

50. Which of the following is not a type of response defined in RECIST 1.1?
a) Complete response
b) Partial response
c) Stable disease
d) Minimal response

e) All of the above are types of response defined in RECIST 1.1

ANSWERS
1. E
2. C
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CASE-BASED QUESTIONS
1. A50-year-old male patient presents with acute myeloid leukemia (AML). Bone marrow
biopsy reveals 80% blasts. The patient is started on induction chemotherapy.
MCQ: Can RECIST 1.1 criteria be used to assess the response to treatment in this patient?
a) Yes
b) No
c) Only for lymph node involvement
d) Only for bone involvement

e) None of the above

2. A 60-year-old female patient presents with a 5 cm GIST in the stomach. The patient
undergoes surgical resection of the tumor.
MCQ: Can RECIST 1.1 criteria be used to assess the response to treatment in this patient?
a) Yes
b) No
c) Only for lymph node involvement
d) Only for distant metastasis

e) None of the above

3. A 40-year-old male patient presents with a 2 cm glioblastoma in the right frontal lobe.

The patient undergoes surgical resection of the tumor followed by radiation therapy.



MCQ: Can RECIST 1.1 criteria be used to assess the response to treatment in this patient?
a) Yes

b) No

c¢) Only for main lesion

d) Only for distant metastasis

e) None of the above

4. A50-year-old male patient with metastatic melanoma has multiple lung lesions. The
largest lesion measures 2.5 cm in diameter on baseline CT scan. After 2 months of
treatment, the largest lesion measures 1.8 cm in diameter.

MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response

b) Partial response

c) Stable disease

d) Progressive disease

e) Unequivocal progression

5. A45-year-old female patient with breast cancer has a 3 cm lymph node in the axilla.
After 4 cycles of chemotherapy, the lymph node measures 1.5 cm in diameter.
MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response
b) Partial response
c) Stable disease
d) Progressive disease

e) Unequivocal progression

6. A 60-year-old male patient with prostate cancer has multiple bone lesions. The largest
lesion measures 1.5 cm in diameter on baseline bone scan. After 6 months of hormone
therapy, the largest lesion measures 1.2 cm in diameter.

MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response

b) Partial response

c) Stable disease

d) Progressive disease

e) Unequivocal progression



7. A 30-year-old female patient with Hodgkin lymphoma has multiple lymph nodes in the
neck. The largest lymph node measures 3 cm in diameter on baseline CT scan. After 4
cycles of chemotherapy, the largest lymph node measures 2.7 cm in diameter.

MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response

b) Partial response

c) Stable disease

d) Progressive disease

e) Unequivocal progression

8. A 70-year-old male patient with lung cancer has a 4 cm lung lesion. After 3 cycles of
chemotherapy, the lesion has completely disappeared on CT scan.
MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response
b) Partial response
c) Stable disease
d) Progressive disease

e) Unequivocal progression

9. A 50-year-old male patient with metastatic melanoma has multiple lung lesions. The
largest lesion measures 2.5 cm in diameter on baseline CT scan. After 2 months of
treatment, the largest lesion measures 3 cm in diameter.

MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response

b) Partial response

c) Stable disease

d) Progressive disease

e) Unequivocal progression

10. A 45-year-old female patient with breast cancer has a 3 cm lymph node in the axilla.
After 4 cycles of chemotherapy, the lymph node measures 4 cm in diameter.
MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response

b) Partial response



c) Stable disease
d) Progressive disease

e) Unequivocal progression

11. A 50-year-old male patient with metastatic melanoma has multiple lung lesions. The
largest lesion measures 2.5 cm in diameter and the second largest lesion measures 2 cm
in diameter.

MCQ: Which lesion should be selected as the target lesion?
a) The largest lesion

b) The second largest lesion

c) Both lesions

d) Neither lesion

e) None of the above

12. A 45-year-old female patient with breast cancer has a 3 cm lymph node in the axilla and
a 2 cm lymph node in the supraclavicular fossa.
MCQ: Which lymph node should be selected as the target lesion?
a) The lymph node in the axilla
b) The lymph node in the supraclavicular fossa
c¢) Both lymph nodes
d) Neither lymph node

e) None of the above

13. A 60-year-old male patient with prostate cancer has multiple bone lesions. The largest
lesion measures 1.5 cm in diameter and the second largest lesion measures 1.2 cm in
diameter.

MCQ: Which lesion should be selected as the target lesion?
a) The largest lesion

b) The second largest lesion

c) Both lesions

d) Neither lesion

e) None of the above



14. A 50-year-old male patient with metastatic melanoma has multiple lung lesions. The
largest lesion measures 2.5 cm in diameter, the second largest lesion measures 2 cm in
diameter, and the third largest lesion measures 1.5 cm in diameter.

MCQ: How many target lesions should be selected?
a) One

b) Two

c) Three

d) Four

e) Five

15. A 45-year-old female patient with breast cancer has a 3 cm lymph node in the axilla, a 2
cm lymph node in the supraclavicular fossa, and a 1 cm lymph node in the internal
mammary chain.

MCQ: How many target lesions should be selected?
a) One

b) Two

c) Three

d) Four

e) Five

16. A 60-year-old male patient with prostate cancer has multiple bone lesions. The largest
lesion measures 1.5 cm in diameter, the second largest lesion measures 1.2 cm in
diameter, and the third largest lesion measures 1 cm in diameter.

MCQ: How many target lesions should be selected?
a) One

b) Two

c) Three

d) Four

e) Five

17. A 50-year-old male patient with metastatic melanoma has multiple lymph nodes in the
neck. The largest lymph node measures 2.5 cm in diameter on baseline CT scan. After 2
months of treatment, the largest lymph node measures 1.8 cm in diameter.

MCQ: What is the best response to treatment according to RECIST 1.1 criteria?

a) Complete response



b) Partial response
c) Stable disease
d) Progressive disease

e) Unequivocal progression

18. A 45-year-old female patient with breast cancer has a 3 cm lymph node in the axilla.
After 4 cycles of chemotherapy, the lymph node measures 1.5 cm in diameter.
MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response
b) Partial response
c) Stable disease
d) Progressive disease

e) Unequivocal progression

19. A 60-year-old male patient with prostate cancer has multiple lymph nodes in the

mediastinum. The largest lymph node measures 1.5 cm in diameter on baseline CT scan.
After 6 months of hormone therapy, the largest lymph node measures 1.2 cm in
diameter.

MCQ: What is the best response to treatment according to RECIST 1.1 criteria?

a) Complete response

b) Partial response

c) Stable disease

d) Progressive disease

e) Unequivocal progression

20. A 30-year-old female patient with Hodgkin lymphoma has multiple lymph nodes in the
neck. The largest lymph node measures 3 cm in diameter on baseline CT scan. After 4
cycles of chemotherapy, the largest lymph node measures 2.7 cm in diameter.

MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response

b) Partial response

c) Stable disease

d) Progressive disease

e) Unequivocal progression



21. A 70-year-old male patient with lung cancer has a 4 cm lymph node in the mediastinum.
After 3 cycles of chemotherapy, the lymph node has completely disappeared on CT
scan.

MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response

b) Partial response

c) Stable disease

d) Progressive disease

e) Unequivocal progression

22. A 50-year-old male patient with metastatic melanoma has multiple lung lesions. The
largest lesion measures 2.5 cm in diameter on baseline CT scan. After 2 months of
treatment, the largest lesion measures 1.8 cm in diameter.

MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response

b) Partial response

c) Stable disease

d) Progressive disease

e) Unequivocal progression

23. A 45-year-old female patient with breast cancer has a 3 cm lymph node in the axilla.
After 4 cycles of chemotherapy, the lymph node measures 1.5 cm in diameter.
MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response
b) Partial response
c) Stable disease
d) Progressive disease

e) Unequivocal progression

24. A 60-year-old male patient with prostate cancer has multiple bone lesions. The largest
lesion measures 1.5 cm in diameter on baseline bone scan. After 6 months of hormone
therapy, the largest lesion measures 1.2 cm in diameter.

MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response

b) Partial response



c) Stable disease
d) Progressive disease

e) Unequivocal progression

25. A 30-year-old female patient with Hodgkin lymphoma has multiple lymph nodes in the
neck. The largest lymph node measures 3 cm in diameter on baseline CT scan. After 4
cycles of chemotherapy, the largest lymph node measures 2.7 cm in diameter.

MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response

b) Partial response

c) Stable disease

d) Progressive disease

e) Unequivocal progression

26. A 70-year-old male patient with lung cancer has a 4 cm lung lesion. After 3 cycles of
chemotherapy, the lesion has completely disappeared on CT scan.
MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response
b) Partial response
c) Stable disease
d) Progressive disease

e) Unequivocal progression

27. A 50-year-old male patient with metastatic melanoma has a new lesion in the liver that
was not present on baseline imaging. The new lesion measures 1 cm in diameter.
MCQ: How should the new lesion be classified according to RECIST 1.1 criteria?
a) Target lesion
b) Non-target lesion
c) Unequivocal progression
d) Indeterminate

e) None of the above



28. A 45-year-old female patient with breast cancer has a new lymph node in the axilla that
was not present on baseline imaging. The new lymph node measures 1.5 cm in
diameter.

MCQ: How should the new lymph node be classified according to RECIST 1.1 criteria?
a) Target lesion

b) Non-target lesion

¢) Unequivocal progression

d) Indeterminate

e) None of the above

29. A 60-year-old male patient with prostate cancer has a new bone lesion that was not
present on baseline imaging. The new bone lesion measures 2 cm in diameter.
MCQ: How should the new bone lesion be classified according to RECIST 1.1 criteria?
a) Target lesion
b) Non-target lesion
¢) Unequivocal progression
d) Indeterminate

e) None of the above

30. A 50-year-old male patient with metastatic melanoma has multiple lymph nodes in the
neck. The largest lymph node measures 2.5 cm in diameter on baseline CT scan. After 2
months of treatment, the largest lymph node measures 1.8 cm in diameter, but a new
lymph node measuring 1.5 cm in diameter has appeared in the supraclavicular fossa.

MCQ: What is the best response to treatment according to RECIST 1.1 criteria?
a) Complete response

b) Partial response

c) Stable disease

d) Progressive disease

e) Unequivocal progression

ANSWERS
1. B

2. B
3. B
4. B
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